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Abstract

Context: Secondary studies are fundamental practices in Evidence-
Based Software Engineering, but teaching them requires activities
that expose students to authentic methodological decisions. Ob-
jective: This paper reports an experience in a graduate course in
which ten doctoral students in Software Engineering, organized
into three groups, piloted secondary studies with and without sup-
port from generative Al. Method: A single-day classroom session
was organized and observed, in which the groups conducted pilot
systematic reviews with and without generative Al support. Class-
room observations, produced artifacts, and interaction threads with
assistants configured in ChatGPT were analyzed to reconstruct how
each group appropriated the technology throughout the activity.
Results: LLMs reduced initial barriers, accelerated the generation
of alternatives, and made methodological problems more explicit,
but they also favored excessive delegation, superficial validation,
operational difficulties, and a shift in focus from conducting the
SLR to using the tool. Conclusion: The experience offers a sit-
uated, observational account of how doctoral students engaged
with generative Al during a systematic review activity, and the
resulting insights also inform the design of a subsequent controlled
study. The findings indicate that generative Al can support practi-
cal learning about SLRs, provided that its use is accompanied by
human supervision, decision records, and critical reflection on its
limitations.
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1 Introduction

Systematic Literature Reviews (SLRs) and Systematic Mapping Stud-
ies (SMSs) are central methods in Evidence-Based Software Engi-
neering (EBSE), a paradigm that advocates for grounding software
engineering decisions in empirical evidence [10, 11]. These stud-
ies help organize, assess, and synthesize scientific knowledge in a
planned, rigorous, and auditable manner, following a documented
protocol that makes the search, selection, and synthesis process
transparent, auditable, and replicable [10, 17]. In graduate courses,
teaching this type of study is especially important, since students
and early career researchers need to understand how to select the
appropriate type of review, formulate research questions, define
search strategies, apply selection criteria, extract data, and synthe-
size evidence transparently [2, 10].
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This learning, however, is difficult to develop through theoreti-
cal exposition alone, since active and experiential learning tends
to foster greater student engagement in engineering and STEM
contexts [6, 18]. Conducting a review involves chained decisions,
ranging from question formulation, protocol definition, search strat-
egy, and study selection to data extraction and synthesis of find-
ings [10, 17]. In addition, decisions about scope, inclusion and ex-
clusion criteria, and the recording of justifications are fundamental
to the transparency, auditability, and reproducibility of the pro-
cess [10, 16]. Problems in early stages, such as poorly formulated
questions or inadequate search strings, may affect study selection,
data extraction, and the structuring of the subsequent synthesis [10].
Therefore, practical activities are particularly useful: they allow stu-
dents to experience the method, make mistakes, revise choices, and
understand the consequences of the decisions made [2, 12, 18].

Despite the recognized importance of systematic reviews in Soft-
ware Engineering, Baltes and Ralph [2] highlight that teaching
literature reviewing remains insufficiently addressed in the SE
education literature. Instructors face the challenge of designing
activities that expose students to authentic methodological deci-
sions, such as scope delimitation, search strategy construction, and
evidence synthesis, without reducing the learning experience to
mechanical protocol execution. At the same time, there is limited
empirical documentation of how graduate students in SE actually
engage with these methods when given the opportunity to prac-
tice them in realistic conditions. This gap is particularly relevant
because knowing what to teach is not the same as understanding
how students learn to conduct reviews in practice, including the
decisions they prioritize, the shortcuts they take, and the points at
which they struggle most.

The popularization of Large Language Models (LLMs) adds a
new dimension to this scenario. Recent studies indicate that these
models have been explored in different stages of systematic reviews,
including question formulation, search strategy development, study
selection, and data extraction [1, 4, 5, 7, 14, 20]. In educational con-
texts, however, productivity gains are not the only relevant issue.
It is also necessary to discuss how students interpret, validate,
and incorporate model outputs, since LLM use in education in-
volves opportunities for learning support as well as risks related to
overconfidence, reduced cognitive effort, and the need for critical
thinking [9, 13].

This paper presents an experience report on an activity con-
ducted in a graduate Software Engineering course, in which doc-
toral students were organized into three groups to pilot systematic
reviews with and without support from generative AL The focus
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was to observe how the groups appropriated the technology while
performing real tasks of a pilot review, such as planning, question
formulation, search string construction, search, screening, and ini-
tial extraction. The objective is not to causally measure the impact
of the tool or to advocate the automation of reviews, but to under-
stand how the experience was organized, what uses of Al emerged,
what difficulties occurred, and what adjustments would be needed
to replicate it in other educational contexts.

The experience revealed gains, such as reducing initial barriers
and supporting the formulation of questions, strings, and criteria,
but it also exposed technical difficulties, inconsistent responses,
insufficiently critical acceptance, and the importance of teacher
mediation in transforming AI use into methodological learning.

The primary audience of this report is instructors and researchers
interested in integrating generative Al into Software Engineering
education, particularly in graduate courses that cover evidence syn-
thesis and systematic review methods. The contribution is not a
prescription for how Al should be used, but a documented account
of how doctoral students actually used it when given the opportu-
nity, including the patterns that emerged, the risks that appeared,
and the lessons that can be transferred to instructors designing sim-
ilar activities. This type of situated account is particularly valuable
in a moment when educators are being asked to incorporate Al
tools into their practice without sufficient empirical grounding for
those decisions.

2 Theoretical Background and Context of the
Experience

The experience reported in this paper was guided by two assump-
tions. The first is that learning systematic reviews and systematic
mapping studies in Software Engineering requires practical con-
tact with authentic methodological decisions, such as selecting
the appropriate type of review and conducting its stages accord-
ing to the research context [2]. These decisions include scope de-
limitation, research question formulation, construction of search
strategies, definition of selection criteria, data extraction, and ev-
idence analysis [10, 17]. This understanding is aligned with the
classical literature on systematic reviews in Software Engineering,
which emphasizes planning, traceability, rigor, and auditability in
the conduct of the study [10].

The second assumption is that LLMs can be incorporated into
this process as support tools, since recent studies have explored
their use in different stages of systematic reviews, including search,
selection, and data extraction [4, 5, 14, 20]. However, this use needs
to be critically observed, since the literature indicates that LLMs are
not yet ready to replace human supervision in evidence synthesis
tasks [14]. This caution is particularly important when students rely
on the technology while they are still developing methodological
expertise, since the use of generative Al in educational contexts
involves opportunities to support learning, but also risks related to
overconfidence, reduced cognitive effort, and the need for critical
thinking [9, 13]. In educational contexts, recent literature on Al
reinforces that the presence of technology does not eliminate the
need for pedagogical guidance, response validation, and human
judgment [8, 9].
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From an educational perspective, the activity was not conceived
as training in a protocol for using Al in SLRs, but as a response to
a contrast between manual and Al-assisted execution that students
themselves had raised in earlier course sessions held without Al
support. The proposal was to organize a practical situation for
conducting pilot reviews, in which it would be possible to observe
how groups of graduate students appropriated the technology while
dealing with authentic methodological tasks.

The common infrastructure aimed to reduce unnecessary differ-
ences between groups, supporting a consistent basis for observing
how Al was used across the classroom. Even so, the way each group
interacted with the technology varied throughout the activity. This
variation is a central part of the report, as it reveals different modes
of Al appropriation in a real educational context and helps explain
how the tool was incorporated into each team’s methodological
decisions.

From a pedagogical perspective, Al was treated as support for the
review process, and not as a substitute for methodological judgment.
Even when the tool suggested questions, search terms, criteria, or
screening decisions, students were expected to assess the relevance
of the responses, discuss their adequacy to the review scope, and
assume responsibility for the final decisions. This approach is con-
sistent with the need for teacher mediation in activities involving
emerging technology, since learning does not result only from using
the tool, but from guided reflection on that use.

3 Design and Conduct of the Activity

This section describes how the activity was planned and how it
actually occurred in the classroom. The objective is to document the
experience with a sufficient level of detail so that other educators
can understand its rationale, execution conditions, and the adap-
tations that occurred in a real context. As previously highlighted,
the focus of this section is not to compare performance between
reviews with and without Al but to reconstruct the organization
of the activity and show how the interaction among students, the
teacher, and LLMs materialized throughout the conduct of the pilot
reviews.

It is important to clarify the nature and intent of this report.
The activity was conceived as a pedagogical experience in which
the alternation between manual and Al-assisted work served as a
device for making methodological decisions visible to the students
themselves. Our analytical interest was in the process of conduct:
the quality of interactions between students and Al, the patterns of
delegation, and the tensions between human judgment and model
output. This observational focus is what the report documents, and
it also informs the design of subsequent empirical work in this line.
The observational richness produced by this pilot, including the
quality of interactions between students and Al, the patterns of
delegation, and the tensions between human judgment and model
output, constitutes a contribution in its own right, independent of
any experimental comparison.

3.1 Educational and Observational Objective of
the Activity

The activity was structured around two complementary objectives.
The first was to provide students with a practical experience in
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conducting a pilot review, allowing them to go through stages such
as planning, search, screening, and initial extraction in a context
close to that of a real SLR. The second was to observe how the
availability of LLMs would influence the organization of group
work, task distribution, artifact construction, and methodological
decisions made throughout the activity.

Thus, the focus was not only on the products generated by the
groups, but on the process of conducting the review. We were
interested in observing when Al was invoked, what types of tasks
were delegated to the tool, how students evaluated or accepted
its responses, when conflicts emerged between human judgment
and Al output, and how teacher mediation operated in the face of
methodological doubts or operational limitations. These elements
guided both the initial design of the activity and the subsequent
reconstruction of what actually occurred in the classroom.

3.2 Originally Planned Design

The original protocol was designed around a planned comparison
between manual and Al-assisted execution across the main stages
of an SLR, with attention centered on how students carried out each
mode rather than on comparing their outcomes. As detailed below,
the analytical focus of the planned comparison would be on plan-
ning, search, screening, and extraction, without greater emphasis
on the final synthesis. Figure 1 presents the study workflow.

Three topics were chosen by the groups for conducting the class-
room activity:

e use of Al in security, focusing on the detection of attacks
involving bots.

e use of Al in human resource management.

o use of generative Al in education and its ethical implications.

The original protocol structured the activity into relatively clearly
delimited phases. The first phase corresponded to review planning,
including definition or refinement of the topic, review objective,
research questions, initial scope, and preliminary search and se-
lection criteria. The second phase focused on the construction of
search strings. In this stage, each group was expected to initially
produce a minimal manual string, conduct a quick search, and then
generate or refine the string with Al support, repeating the search
for comparison purposes.

The third phase concerned study screening. After defining the
inclusion and exclusion criteria, the groups were expected to apply
the criteria manually to a subset of articles and then use AI to
support the assessment of another subset or a complementary set.
The protocol anticipated the recording of decisions as included,
excluded, or uncertain, enabling a later contrast between human
judgment and support provided by Al Screening decisions were
recorded by the groups as included, excluded, or uncertain, both
when made without Al support and when supported by the tool.
These records are part of the artifacts made available with this
report and are used here as evidence of how the groups reasoned
about selection, rather than as a basis for measuring agreement.

The fourth phase corresponded to evidence extraction. The plan
envisioned an initial manual extraction in a structured spreadsheet,
followed by extraction supported by Al using more structured
prompts and, when possible, the upload of PDFs from the selected
studies. Although synthesis was part of the complete SLR workflow,
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this comparative structure prioritized planning, search, screening,
and extraction.

From an infrastructure perspective, in addition to the ChatGPT
Plus account [15] with three equivalent assistants, one for each
group, support materials were also made available, such as spread-
sheets for search, screening, and extraction, prompt examples, guid-
ance documents, and spaces for organizing the artifacts produced.

3.3 Ethical Considerations

The activity was conducted with voluntary participation, as an ad-
ditional class held after the course’s formal assessment had already
been completed, carrying no academic grade or assessment weight.
Before the activity began, all participants were informed about its
research purpose and completed a consent form confirming their
willingness to participate. They were also informed that they could
withdraw at any moment without any consequence. Students were
aware that their interactions with the Al assistants and the artifacts
produced would be recorded and analyzed for research purposes.
Anonymization of the data was ensured, and no individual student
or group is identifiable in the findings reported in this paper.

3.4 Practical Organization of the Classroom
Activity

The activity was conducted in a single day, in an intensive format,
with sessions in the morning (8:00-12:00) and in the afternoon
(14:00-17:00). This concentrated format was adopted for logistical
reasons, since several students reside in other states and a multi-
session schedule would have been impractical, and it is also consis-
tent with how courses in the program are typically organized. The
activity began with the presentation of the study and the general
protocol, followed by the completion of the informed consent form.

In operational terms, the groups began to work relatively au-
tonomously, internally discussing their decisions and relying both
on the materials provided and on the LLM-based assistants. The
role of the teacher and the assistant was predominantly organiza-
tional and supervisory: clarifying general questions, maintaining
the schedule, reminding students of the expected artifacts, and
supporting operational issues, while avoiding direct interference
in the groups’ internal decisions so as not to alter the interaction
dynamics intended to be observed. The activity was facilitated by
two instructors with complementary backgrounds: one with expe-
rience in empirical software engineering and systematic reviews,
including consulting practice on Al-assisted reviews, and another
with prior teaching experience in the course and industry expertise
in applied Al research. This dual profile positioned both instruc-
tors to support the methodological decisions that emerged during
execution from a grounded and practical standpoint.

Throughout the class, the groups produced different types of ar-
tifacts, including refinements of research questions, search strings,
preliminary lists of studies, inclusion and exclusion criteria, screen-
ing decisions, and, in some cases, initial extraction tables. In parallel,
the interactions with the assistants were preserved as threads, mak-
ing it possible to observe the process of artifact construction, and
not only its final results, including moments in which students
accepted Al suggestions, reformulated requests, faced operational
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Figure 1: Originally planned workflow for the classroom activity. The design expected selected review stages to be conducted
both through the traditional approach and with LLM support, allowing observation of how students interacted with each mode
during the pilot reviews. Visual refinement supported by ChatGPT 5.2.

limitations, sought validation, delegated decisions, or resorted to
teacher mediation.

3.5 Observed Execution

The execution of the activity throughout the day can be observed
in the timeline presented in Figure 2, which summarizes the orga-
nization of the classroom work blocks, from the opening and initial
formulation of the reviews to the final moments of group presen-
tations and collective reflection. Although the groups’ interaction
with Al made the internal execution of each block more iterative
and less linear, the teacher and the assistant kept the schedule ex-
plicit throughout the activity, issuing time alerts and guiding the
transitions between the planned blocks.

In practice, the activity preserved the general logic of conducting
pilot SLRs with Al support, but it did not fully maintain the sequence
and control expected in the initial protocol. The separation between
moments without Al and moments with Al proved to be less rigid
than planned. Instead of always following the logic of “manual first,
then assisted”, the groups alternated or combined different forms
of work throughout the activity. Figure 3 presents how the activity
was conducted.

The stages that produced the most consistent data were planning,
search, and screening, as illustrated in Figure 3. In these phases, it
was possible to observe more clearly how the groups formulated
or refined research questions, constructed search strings, adapted
queries to specific databases, defined inclusion and exclusion cri-
teria, and made screening decisions with or without tool support.
The extraction and synthesis stages, in contrast, appeared less uni-
formly, with greater heterogeneity among the groups and fewer
artifacts generated.

At some moments, the groups started a task manually and then
turned to Al to review, expand, or reorganize what had already
been produced. In others, the tool was invoked from the beginning
to propose central components of the review, such as questions,
strings, or criteria. There were also cases in which students reused
example prompts provided in the support materials, which made
the boundary between the group’s own methodological decision,
the influence of instructional material, and the direct contribution
of Al less clear.

The extraction stage was initiated by some groups, but with
lower standardization. There were attempts to use Al to support
article reading, structure tables, and organize evidence, but with-
out enough uniformity to sustain a consistent comparison across
groups. Synthesis, in turn, appeared in an even more embryonic
form. Only one group articulated a more complete review out-
line, approaching a more integrated structure of planning, search,
screening, extraction, and synthesis.

Situations were also observed in which Al use occurred outside
the initially planned infrastructure. In some cases, operational limi-
tations led groups to use a personal account or another Al instance,
and instructors chose not to enforce a return to the institutional
account once the limitation persisted, in order to preserve the nat-
uralistic character of the observation. Since informed consent cov-
ered only the three institutional accounts, these personal-account
interactions were not collected as data, a limitation we treat as a
lesson learned for infrastructure planning in future replications.
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Classroom Activity Timeline
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Figure 2: Timeline of the classroom activity. The figure summarizes the organization of the work blocks throughout the day,
including activity periods, short breaks, and the lunch break. Visual refinement supported by ChatGPT 5.2.

3.6 Contrast Between the Planned and the
Realized

Table 1 summarizes the main differences between the originally
planned design and the execution effectively observed in the class-
room. This contrast is central to interpreting the experience, as it
shows that the activity preserved the general intention of observ-
ing the conduct of pilot SLRs with and without AI support, but
the separation between phases and modes of execution was less
clear-cut than anticipated.

The first point of contrast concerns the organization of the
phases. The protocol assumed a relatively linear sequence, in which
planning, search, screening, extraction, and synthesis would occur
as distinguishable stages. In practice, these boundaries were more
diffuse: decisions about research questions, strings, criteria, and
screening appeared in an overlapping manner in the groups’ inter-
actions with AL From an educational perspective, this is relevant
because it shows that conducting an SLR in the classroom does not
occur merely as the application of a script, but as an iterative pro-
cess of negotiation among methodological understanding, practical
limitations, tool suggestions, and teacher mediation.

The second contrast involves the comparison between manual
conduct and Al-assisted conduct. The planned design expected each
stage to be performed first without Al and then with tool support.
This sequence would allow a more controlled comparison between
the two modes. However, during execution, the order varied across
groups. In some cases, students turned directly to Al to structure

central components of the review, such as questions, strings, or
criteria. In others, they started from a manual proposal and used
Al to review or expand what had been produced. This reduces the
strength of a strict comparison between modes, but increases the
value of the report as an observation of real appropriation of the
technology in an educational context.

Variation was also observed in the degree of delegation to AL
During planning, the tool was expected to support specific tasks
while preserving human judgment as the final decision-making
instance. During execution, however, some groups assigned Al a
more structural role, especially in formulating or reformulating
questions, constructing strings, and defining criteria. This point is
important because it highlights a pedagogical risk: artifacts that
appear well structured may reflect the fluency of the tool or the
prompt templates rather than students’ methodological appropria-
tion.

The planning, search, and screening stages produced the most
consistent evidence about the interaction between students and
Al In these stages, it was possible to observe more clearly how
the groups requested support from the tool, accepted suggestions,
adjusted decisions, and recorded artifacts. Extraction and synthesis,
in contrast, appeared in a more partial and heterogeneous way.
Thus, although they are part of the general SLR workflow, these
stages should be interpreted in the report as records of attempt
and exploration, rather than as phases sufficiently homogeneous to
support systematic comparison across groups.
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Visual refinement supported by ChatGPT 5.2.

Another relevant deviation concerned the use of the infrastruc-
ture: as already noted, operational limitations led some participants
to use personal accounts or other Al instances, which reduces the
uniformity of the conditions originally planned for the activity and
reinforces a practical lesson: educational activities with LLMs need
to anticipate technical contingencies, access limits, file processing
issues, and alternative forms of recording.

This contrast does not aim to invalidate the experience, but to
make explicit the real conditions under which the activity occurred,
and constitutes one of the central sources of learning in this report.

4 What Worked, What Failed, and What We
Learned

The previous sections described the context, planning, and observed
execution of the activity. In this section, we shift the focus from
the structure of the study to the classroom experience: how the
groups used Al, what benefits emerged, what difficulties appeared,
and what pedagogical tensions became visible. The objective is not
to evaluate the final quality of the SLRs produced, but to reflect on
what the activity revealed about the interaction among students, the
teacher, support materials, and generative Al during the conduct
of pilot reviews.

The analysis reported in this section draws on three sources of
evidence: field notes from classroom observation, artifacts produced

by the groups (research questions, search strings, selection crite-
ria, and extraction tables), and the interaction threads preserved
from the three assistants configured in ChatGPT. The threads were
read in full by both authors independently, who inductively coded
segments describing Al invocation, delegation, validation, and con-
flict between student judgment and model output, following the
thematic analysis approach [3]. Codes were then grouped into
the categories presented in Section 4.1, and discussed iteratively
until consensus was reached. Illustrative excerpts were selected
to represent patterns that appeared across multiple interactions,
not isolated occurrences. When possible, findings were corrobo-
rated across sources: patterns identified in the threads were cross-
checked against the artifacts produced and the classroom observa-
tions recorded during the activity. No formal coding software was
used; the analysis was interpretive and inductive, consistent with
the exploratory nature of this experience report.

4.1 Observed Types of Al Use

The threads indicate that Al use varied between methodological
support and delegation of responsibilities. At some moments, the
groups used the tool as a critical interlocutor, requesting review,
suggestions, or refinements of decisions previously formulated by
the students. At others, Al began to assume a more structural role,
producing complete artifacts or conducting central parts of the
review, such as research questions, strings, inclusion and exclusion
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Table 1: Comparative synthesis between the planned design and the execution observed in the classroom

Dimension

Planned in the protocol

Executed in the classroom

Organization of phases

Manual versus Al compar-
ison

SLR planning

Construction of search
strings

Inclusion and exclusion cri-

teria

Study screening

Evidence extraction

Synthesis

Use of Al infrastructure

Expected final product

Nature of the study effec-
tively conducted

The study was planned in relatively separate phases:
planning, search, screening, extraction, and synthesis.

The proposal was that each stage would be performed first
manually and then with Al support.

The groups were expected to define or refine the topic,
objective, research questions, scope, and initial criteria.

Each group was expected to construct a manual string and
then a string refined with Al support, recording the retrieved
results.

The groups were expected to define inclusion and exclusion
criteria and apply them manually and with Al assistance.

Screening was expected to compare human judgment and
judgment supported by Al classifying studies as included,
excluded, or uncertain.

Extraction was expected to be performed manually and with
Al support, using a structured spreadsheet and relating
evidence to the RQs.

Synthesis appeared as part of the general SLR workflow,
although it was not the main empirical focus of the protocol.

The study expected the use of one ChatGPT Plus account and
three equivalently configured assistants, one for each group.

The groups were expected to advance in a pilot SLR,
producing artifacts across different stages of the process.

The planned design was a pedagogical structure for students
to experience both manual and Al-assisted execution side by
side.

The phases did not remain fully separate. At several
moments, decisions about RQs, strings, criteria, and
screening occurred in an overlapping manner during the
interactions with AL

The “manual — AI” sequence did not occur uniformly across
groups. In some cases, the groups turned directly to Al to
structure central parts of the SLR.

All groups worked on planning elements, but with different
degrees of delegation to AL In some cases, Al played a
central role in formulating or reformulating methodological
decisions.

The groups used Al to construct or refine the strings.
However, the existence, completeness, and comparability of
the manual version varied across groups.

The criteria were defined or refined with Al support to
different degrees. In some groups, the final criteria were
strongly influenced by the model’s suggestions.

All groups applied both screening without Al and screening
with Al but the order varied. In some cases, Al-assisted
screening occurred before manual screening.

Extraction was initiated by some groups, but without
sufficient standardization across all groups. Al was used to
support extraction and table organization.

Synthesis was not consolidated uniformly. There were
occasional attempts at synthesis with AI support, but only
one group produced a more complete review outline.

The planned infrastructure was used, but there were
situations in which groups resorted to a personal account or
another Al instance due to operational limitations.

All groups produced relevant artifacts, but only one group
produced a more complete review outline, articulating
planning, search, screening, extraction, and synthesis.

The actual execution assumed a more exploratory character,
with different patterns of Al use, delegation, and dependence
across groups.

criteria, screening, and initial extraction. This variation is important
because it allows discussion not only of which tasks AI was used
for, but also of who was effectively conducting the methodolog-
ical decision at each moment: the students, the tool, or a poorly
delimited combination of both.

A positive and expected use occurred when Al was invoked as a
review or refinement assistant. In this case, students still started
from an initial formulation and turned to the tool to receive com-
ments, alternatives, or suggestions for improvement. Groups 1 and
3 illustrate this pattern by requesting assessments of the chosen
topic and search string, respectively, without asking Al to conduct
the entire stage, as shown in Examples 4.1 and 4.2.

Do you have any suggestion for improving the topic?

Adapt the search string below. Create a separate search string
for each of the databases listed below.

This type of interaction is pedagogically interesting because it
keeps students as the initial authors of the decision and positions
AT as support for reflection. The tool can help make ambiguities
explicit, suggest delimitations, and better organize the review ob-
jective, but responsibility for accepting or rejecting the suggestions
remains more clearly with the group. In this pattern, Al functions
as a “peer reviewer” or auxiliary advisor, rather than as a substitute
for decision-making.

A second pattern was the use of Al as a generator of method-
ological alternatives. In this case, students requested proposals for
questions, strings, criteria, or analysis structures, often starting
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from broad topics or still initial formulations that were still insuffi-
ciently refined. This use had formative value, as it quickly produced
multiple options and helped the groups visualize relevant dimen-
sions of the review. At the same time, it already shifts part of the
methodological elaboration to the tool. The risk appears when the
generated alternatives are accepted as the final solution, without
explicit comparison with the review scope, the RQs, or the validity
criteria.

A third, more critical pattern was the delegation of structural
decisions. At several moments, Al did not merely review artifacts,
but produced central elements of the protocol, such as complete
reformulations of RQs, search strings, inclusion and exclusion cri-
teria, and extraction fields. Group 2, for example, asked the tool to
review a string for IEEE and received a response with a diagnosis of
problems, expansion of synonyms, adjustment of terms, and a new
version of the query. This type of support can be useful, but it also
requires students to understand why certain terms were included
or removed, since the string directly defines the space of retrieved
studies.

Delegation became even more evident in the definition of selec-
tion criteria. In Group 1, the request made to Al explicitly indicates
an intention to facilitate screening through more exclusion criteria,
as shown in Example 4.3.

Create inclusion and exclusion criteria. Using just IEEE. Use
more exclusion than inclusion, to make selection easier.

Run the screening across all 164 rows and return the CSV file
containing the classifications directly.

Group 3 shows the same pattern in a more extreme form, dele-
gating a complex extraction task to Al without specifying criteria,
fields, or validation steps (Example 4.4). These examples are relevant
because they do not represent only technical requests; they reveal
a pedagogical problem. On the one hand, the students sought to
make the activity feasible within the available time, which is under-
standable in an intensive class. On the other hand, the formulation
suggests that operational convenience could guide the construction
of the criteria, without an explicit discussion of coverage, selection
bias, or the risk of excluding relevant studies. Thus, Al begins to
support a methodological decision that should be justified by the
group, and not merely optimized to reduce effort.

In summary, the observed uses indicate that Al alternated among
three roles: refinement assistant, alternative generator, and decision
executor. The first role was the most aligned with the pedagogi-
cal objectives, as it favored reflection and review. The second had
formative potential, but required careful validation. The third re-
vealed the greatest risk of cognitive dependence, especially when
central SLR decisions were delegated to the tool without sufficient
methodological justification by the students. Table 2 summarizes
these three patterns, their pedagogical risk, and their associated
level of criticality.
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Table 2: Synthesis of observed Al use patterns

Pattern Pedagogical risk Criticality

Refinement Low, students retain Low
assistant authorship
Alternative Acceptance without Medium

generator comparison to scope
or RQs
Decision Cognitive  depen- High
executor dence, unjustified
delegation

4.2 Perceived Benefits and Key Learning
Moments

One of the most visible benefits of Al was the reduction of the
initial barrier to producing artifacts. In an SLR activity, students
often face difficulty moving from broad formulations, such as “state
of the art”, to more observable and auditable questions. Al helped
the groups produce more structured initial versions by offering
alternative wording, dimensions of analysis, and methodological
justifications. This support was especially useful in the stages of
planning, RQ formulation, and string construction.

Another gain was the explicit identification of methodological
problems that could remain implicit in a traditional class. When
Al evaluated an RQ or a string, it often returned a list of strengths,
problems, and suggestions. Even when the response was not perfect,
it provided material for discussion. In Group 2, for example, the tool
evaluated the initial RQ and pointed out that the expression “state
of the art” was not easily operationalized, that the scope was broad,
and that observable dimensions were missing to guide screening
and extraction.

What is the state of the art of the use of Al or LLM in people
management?

Suggested adjustments (1-2 lines):

e Replace “state of the art” with an auditable formula-
tion: “Which topics, contexts, and patterns of Al use
(including LLMs) are reported in people management
(20202025, EN)?”

o Include explicit dimensions of analysis: technologies,
functions/levels, governance/risk, value metrics.

Al also favored the rapid generation of alternatives. Instead of
producing a single formulation of an RQ, string, or criterion, the
groups could request variations, compare options, and choose paths.
This made the class more active and exploratory: students did not
merely receive explanations about SLRs, but tested formulations,
observed responses, adjusted requests, and recorded artifacts. From
a pedagogical perspective, this was one of the most positive aspects
of the experience, as the tool accelerated cycles of trial and revision.
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There were also benefits in the classroom dynamics. Compared
with a purely expository activity, the use of LLMs made the envi-
ronment more interactive. The groups began to negotiate decisions
among themselves and with the tool, while the teacher monitored
doubts, intervened in impasses, and drew attention to risks. In this
sense, the high point of the class was not only the speed with which
the groups produced artifacts, but the possibility of transforming
Al responses into objects of discussion.

4.3 Difficulties, Errors, and Human-AI Conflicts

Despite the benefits, the experience also revealed important dif-
ficulties. The first was operational. There were access problems,
processing limits, difficulties with files, and the need to adapt for-
mats. In particular, the batch screening request from Group 3 shown
in Example 4.4 exposed practical limitations of the environment:
the tool stated that it could not directly open the spreadsheet and
suggested exporting it or running a script locally, illustrating a
typical conflict between the expectation of full automation and the
actual limitations of the tool.

The second difficulty involved the literacy required to interact
with AL Although the support materials provided prompt examples,
the groups still had to deal with syntax, output instructions, file
formats, decision rules, and context restrictions. In some cases,
the prompts became long and rigid, increasing the appearance of
control over the tool, but without ensuring that it would follow
exactly the expected format. This generated rework, successive
adjustments, and, in certain situations, shifted the focus of the
activity: instead of concentrating efforts on conducting the SLR,
the groups spent significant time trying to discover how to make
the LLM execute the task, process the files, or return the output in
the desired format.

The third difficulty was methodological. At several moments, Al
offered responses with a convincing tone and an appearance of rigor,
but without the groups sufficiently discussing the implications of
the decisions. The example from Group 1, shown in Example 4.3, in
which more exclusion criteria were requested to facilitate selection,
is illustrative: the tool validated the strategy as a way to simplify
screening, but the group did not record an explicit discussion about
risks of coverage loss, selection bias, or impact on the validity
of the review. This type of situation shows that Al can reinforce
convenient decisions if students do not critically analyze all the
responses provided.

Signs of insufficiently critical acceptance were also observed. In
some threads, the interaction followed a sequential pattern: stu-
dents requested a stage, received the response, and moved on to
the next one, with little revision of previous decisions. Short ex-
pressions such as “proceed” or requests such as that of Group 2,
which asked for a list of corrections and suggestions, suggest a flow
in which Al begins to conduct a large part of the methodological
progression. This does not mean a total absence of reflection, but
it indicates an educational risk: the activity can produce formally
organized artifacts without students necessarily appropriating the
methodological reasons behind them.

Prepare a final list with the corrections and suggestions.
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Another conflict appeared in screening. By asking for simple
classifications, such as yes, no, or uncertain, the groups sought
efficiency and standardization. However, simplifying the output
reduced the visibility of the reasoning supporting each decision.
In an educational task, this is a relevant tension: the more auto-
mated and compact the output is, the fewer opportunities there
are to discuss why an article was included, excluded, or marked
as uncertain. Thus, the operational gain may be accompanied by a
loss of formative transparency.

Finally, there was a conflict between the expectation of saving
time and the time spent correcting, circumventing, or reinterpreting
Al responses. The tool accelerated the initial generation of artifacts,
but part of this gain was consumed by problems accessing files,
reformatting outputs, adjusting prompts, inconsistencies, and the
need for validation. This ambiguous balance is one of the main
lessons of the experience: Al can accelerate stages of a pilot SLR, but
it also introduces new tasks of control, verification, and mediation.

4.4 Teacher Mediation and Human Supervision

As described in Section 3.4, teacher mediation operated mainly at
an organizational level, which helped preserve the structure of the
experience even as interactions between students and Al made the
internal execution of each block more iterative and less linear.

From a methodological and ethical perspective, the initial guid-
ance emphasized that generative Al should be treated as support for
conducting the review, and not as the driver of the process. How-
ever, active intervention in the internal decisions of the groups was
avoided, as this could alter the dynamics intended to be observed,
allowing the interactions already described in Section 3.4 to occur
naturally.

4.5 What We Would Do Differently and
Recommendations for Replication

The experience allowed us to identify important adjustments for
future applications. The first would be to reduce the scope of the
activity or distribute it over more than one meeting. The attempt
to cover planning, search, screening, extraction, synthesis, presen-
tation, and reflection in a single day made the activity intense and
created pressure for shortcuts. This pressure favored the use of Al
as a way to accelerate stages, but it also increased the risk of exces-
sive delegation and superficial validation. In a new edition, it would
be preferable to divide the activity into at least two moments: one
dedicated to planning, search, and criteria; and another dedicated
to screening, extraction, reflection, and ethical discussion.

The second adjustment would be to better prepare students to
deal with the technology before the beginning of the main activity.
The experience showed that the lack of specific literacy in LLMs
created an additional layer of difficulty. At certain moments, the
groups focused more on making the tool process files, follow for-
mats, or return structured outputs than on discussing the review
itself. A short preparatory stage, with examples of limitations, input
formats, context problems, file reading, and response validation,
could reduce this shift in focus.

The third adjustment would be to more clearly separate the
artifacts produced without Al with Al, and after human decision.
In the original design, this separation was planned, but it was not
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maintained uniformly during execution. In a new version, each
stage should generate three records: an initial version produced by
the group, a version produced or revised with Al support, and a final
decision justified by the students. This format would help preserve
the comparison between modes of work and, at the same time,
make the process of appropriating Al suggestions more visible.

The fourth adjustment would be to review the role of prompt
templates. They were useful for guiding the activity and reducing
the initial barrier, but they may also have constrained part of the
interactions. In some cases, the groups followed the prompt script
without necessarily discussing the methodological principles em-
bedded in it. In a new application, prompts could be presented at
different levels: a minimal prompt, an intermediate prompt, and a
rigorous prompt. Students would then need to justify which version
they chose and adapt the prompt to their own protocol.

The fifth adjustment would be to better plan the technical infras-
tructure. Activities with LLMs need to anticipate access limits, file
processing, context size, spreadsheet use, CSV export, and possible
tool unavailability. It would also be necessary to define in advance
whether the use of personal accounts or other Al instances will be
allowed and, if so, how this will be recorded. This care would avoid
part of the observed deviations and increase the traceability of the
experience.

Finally, we would include formal moments of reflection at the
end of each stage. After planning, search, screening, and extraction,
each group should briefly answer: what did we do without AI? What
did AT suggest? What did we accept? What did we reject? What
remained uncertain? This reflective pause would help transform
the use of technology into methodological learning. Without this
type of interruption, there is a risk that AI will accelerate artifact
production while reducing opportunities to critically discuss the
decisions made.

These adjustments also function as recommendations for in-
structors interested in adapting the experience: reducing the scope,
making decision records explicit, planning the infrastructure, and
creating moments of reflection are important conditions for Al
use to support methodological learning, and not merely accelerate
artifact production. These recommendations were calibrated to the
profile of doctoral students observed in this activity, who already
had some familiarity with research methods; instructors working
with less experienced audiences, such as undergraduate students,
may need to adjust the scope and pacing accordingly.

5 Conclusion

This paper presented an experience report on a classroom activity in
which graduate students conducted pilot reviews with and without
support from generative Al Unlike a controlled evaluation of the
tool’s effectiveness, the focus was to observe the educational experi-
ence: how the activity was planned, how it actually occurred, which
uses of Al emerged, what difficulties appeared, and what lessons
can support instructors interested in proposing similar activities.
As summarized in Sections 4.2 and 4.3, the experience showed
that LLMs can enrich practical SLR activities, while also introducing
important pedagogical risks such as insufficiently critical accep-
tance of responses and delegation of structural decisions. These
two faces of the same interaction, gains in fluency together with
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exposure to dependence and superficial validation, constitute the
central empirical contribution of this report.

The main lesson of the report is that integrating Al into SLR
activities requires a balance between exploratory openness and
pedagogical control. If the interaction is excessively controlled,
the opportunity to observe real patterns of use, dependence, and
validation is lost. On the other hand, if there is no minimal struc-
ture, records, and moments of reflection, the activity may become
a simple automation of tasks, without students’ methodological
appropriation of the topics developed. In this sense, Al should be
treated as support for the review process, but not as the conductor
of methodological decisions.

The report also has limitations: it involved a single graduate
course, a small number of participants organized into three groups
with distinct topics, a single-day execution in which the separation
between Al and non-Al moments was not maintained uniformly,
partial and heterogeneous extraction and synthesis stages, and
occasional deviations from the planned infrastructure, such as the
use of personal accounts or other Al instances. For these reasons,
the findings should be read as situated reflections on an educational
experience, not as causal evidence about the impact of Al on the
quality of SLRs.

As future work, we intend to conduct a controlled study compar-
ing manual and LLM-assisted SLR execution across matched groups.
The present pilot informed that design in concrete ways: it revealed
that phase separation requires explicit checkpoints and decision
records to be maintained in practice; that students need prior Al
literacy training to avoid shifting focus from the review to the tool;
that screening and extraction require structured output formats
defined in advance to enable meaningful comparison; and that a
format conducted in a single day is insufficient to observe the full
SLR workflow with adequate control. The contribution of this paper
is therefore not only to document what happened, but to establish
the empirical ground on which a more controlled investigation can
stand.

Artifact Availability

The artifacts of this experience, including the activity protocol, as-
sistant configuration, anonymized interaction threads, and spread-
sheets, are publicly available on Zenodo at https://doi.org/10.5281/
zen0do.20938953 [19].
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